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Abstract

Despite the widespread use of Electronic Health Records across the healthcare industry, collecting massive
amounts of data from patients, the promise of strategic data efficacy is yet to be fully unlocked. If anything, the
process of gathering data is more of a burden to healthcare workers and hospitals due to the high costs of data
collection, healthcare worker burnout and poor job satisfaction. The focus on data management is to meet
regulatory requirements more than creating strategic value. Simultaneously, data is quickly becoming the next
currency of power after land and money. Those with massive amounts of data stored, as well as the means to
extract predictive insights from it have a significant advantage in the future. Therefore, with the current
perception around data management as a burden in healthcare settings, the potential for biopower in strategic
decision-making is underutilized. To change this, I propose a conceptual framework called the Burden-Value
Shift Model (BVSM), where I apply TAM (Technology Acceptance Model) principles of PEOU (perceived ease of
use) and PU (perceived usefulness) to a data governance framework of four keys pillars (data collection, data
processing, data analysis and strategic feedback). With the right approach to collect, store and utilize data, the
benefits materialized will not only be economic to the healthcare organizations, but behavioral and sociological
as well. Healthcare workers will gain motivation while appreciating value of the work they do by seeing their
actions transform into tangible outcomes. Additionally, patients themselves who are the primary data
generators, will benefit from solutions extracted from the data. The key is to ensure that improvements are done
across the board through enhancing both technology and human well-being. Examples include investing in
automation to reduce human effort, creating trust through verification of data sources, extracting useful insights
for better patient care and lower costs, while simultaneously providing feedback to healthcare employees creates
a continuous positive loop across all pillars within the ecosystem. The ensuing principle emanating from BVSM
in this case is that when the perceived as well as real effort to collect and utilize data on a micro level is low but
the value high, it is likely to create a sustainable and efficient system with high utility on a macro level. The
proposed framework links small actions of a nurse or healthcare manager clicking a data point to a larger impact
across society.
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BACKGROUND

In EHR, massive amounts of data are being collected, shifting
immense power to the accumulator that is the healthcare
system, while returning persistently low value in terms of
efficiency and utilization to the primary data generators,
who are the patients and clinicians (Ronen, 2024). EHRs
therefore can be fundamentally termed as an exercise in
biopolitical control. This is supported by Michel Foucault's
work, exploring the institutional ability to access and utilize
detailed patient data as a form of biopower. From a
sociological standpoint, the access and use of data is an
aspect that represents power, with the ability to shape,
regulate and control the behavior of a specific group of
people, in this case patients (Foucault, 1977; Ashuri et al.,
2024). The system is designed with institutional logic in
mind, that of accessing as much data as possible but little
thought of the reciprocal needs of the subjects

Furthermore, massive financial investments have been
funneled towards numerous successful implementation
ventures, and yet healthcare services management
frequently realizes a negative return on the sheer effort
required to collect, maintain and store digital data.
Healthcare workers and clinicians, who are the primary data
generators report widespread issues of documentation
overload on top of their regular schedules. They further deal
with workflow disruption on a regular basis that often leads
to click fatigue (Olakotan et al., 2025). Quantifying the
problem, it is realized that physicians are estimated to spend
approximately 35% of their time recording patient data. This
percentage may rise following the introduction of standard,
structured EHR systems (Joukes et al., 2018). Implementing
EHR was associated with an 8.3% increase in dedicated
documentation time in one center. This corresponded with a
similar decrease in the time allocated for direct patient care
(Joukes et al., 2018). The resultant effect is distraction from
primary work that is care of patients, increased cognitive
load and possible frequent clinician burnout (Gesner et al.,
2022).

Organized data systems can unlock powerful guidance
capability in healthcare while preventing waste of resources.
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For example, doctors will not have to log into multiple files
to access a patient history from one system, lab results from
another or look up imaging reports in another system. The
power behind hospital records could also manifest through
detailed analysis of patient data to for instance identify
patient groups accounting for high healthcare costs,
eventually leading to creation of targeted care programs to
minimize costs (Abramson, 2023). To achieve such a level of
sophisticated analysis, it is not just about better software, but
also advanced managerial capabilities (Kaplan, 2001;
Ludwick & Doucette, 2009; Cresswell & Sheikh, 2013). All the
puzzle pieces are crucial, from the human resource, to the
system and the process of how data goes into the system,
because each aspect affects the final outcome. This is because
while EHR has changed the face of healthcare, it is yet to
materialize its promise of sophisticated data insights to
enhance the delivery of care. There is immense potential, but
implementation still faces broader challenges (Meyer & Goes,
1988).

External forces such as regulatory bodies contribute to this
problem by focusing on measuring success based on
complete documentation and volume of data, rather than
objective, actionable utility that could be extracted for
strategic relevance (Melnick, Sinsky & Krumholz, 2021;
American Hospital Association, 2017). This regulatory
environment unintentionally institutionalizes the burden-
centric model by valuing quantity over strategic quality.
Therefore, I explore a conceptual framework on how EHR
data can be managed and utilized in organizational processes
to reduce clinical data burden while exponentially increasing
its strategic value within the healthcare system. I introduce
the Burden-Value Shift Model (BVSM), grounded in the
Technology Acceptance Model that explains and guides the
necessary institutional change in perception of EHR data
from a mandatory input cost into a vital asset.

THEORETICAL FRAMEWORK
Burden-Value Gap

The BV gap manifests from technological, sociological,
behavioral and managerial issues surrounding EHR data
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collection. Poor system design, misaligned organizational

goals as well as sociological burdens create a repetitive cycle

of low value returns alongside increased costs of system

maintenance as outlined in the table below.

Table 1: How the BV gap manifests

Drivers Description
Behavioral Wasting  mental and
physical effort

Technological | Inadequate system design
and siloed data platforms

Example

Twenty clicks to order
alab report

Logging in to three
different systems to get

prevent easy access to data. | a full patient history.
Managerial Organizational focus is on = Collecting vast
meeting external | amounts of data for
compliance insurance
reimbursement forms,
but no plan to improve
patient flow with the
data.
Sociological A shift of power from | Patients loss of power
patients to institutions | without this data
(biopower). making their hospital
experience any better.
Gap EHR data management Employees  burden,

becomes a vicious cycle of = managerial lack of

high-burden,  low-value @ utility, costly but

activity. inadequate  systems,
patient
disempowerment.

This burden is not a mere nuisance, but has actual effects on
employee productivity, staff retention, as well as patient
safety (Kohn et al., 2000). Concurrently, these tremendous
efforts to accumulate the large amounts of data fail to
materialize its strategic promise leading to resource wastage
that could be channeled to the greater good of the
population. Combining the significant shift in power from
patients, with the high burden of data management for
employees and managers alongside a low value return
scenario leads to a unique imbalance I call the burden-value

gap.
Technology Acceptance Model

To understand resistance to EHR systems from the user
perspective, we will rely on the Technology Acceptance
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Model (TAM). This is a validated behavioral framework
developed by Davis (1989) and later expanded by Venkatesh
and Davis (2000). TAM posits that there are two core belief
constructs predicting a user's actions and intentions towards
a specific technology (Lin & Lu, 2000; Holden & Karsh, 2010).
The constructs are as outlined below:

1. The first aspect is the Perceived Ease of Use (PEOU),
which is defined as the degree to which an
individual believes that using a particular system
would be “free of effort” (Davis, 1989). In this
context for example, a high documentation burden
and click fatigue translate directly to low PEOU. It
takes a lot of effort to accomplish a small task.

2. Perceived Usefulness (PU) is the degree to which an
individual believes that using a particular system
would “improve their work performance” (Davis,
1989). For managers and clinicians low HER value of
data is low PU.

When EHR systems suffer from simultaneous low PEOU and
PU, outcomes include poor quality of data mediated by
system workarounds to speed up the process (Ajami &
BagheriTadi, 2013). Therefore, TAM provides a theoretical
foundation that explains why EHR adoption may be failing to
materialize its promise, if users perceive the system as
difficult to work with. Rethinking the application of this
theory can help to close the burden-value gap by aligning it
with a data governance model.

CONCEPTUAL FRAMEWORK
Introducing BVSM

The BVSM framework is proposed here as a goal oriented
guidance for health service managers to systematically
transform EHR systems from a problem to a value creation
engine. The model defines the shift along a continuum of
people, technology, the organization and society at large.
Reducing entry friction from the start of the data collection
process comes before enable the creation of high managerial
utility in the end.

A substantial body of research and frameworks address
clinical usability, aiming to improve PEOU for better patient
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care outcomes (Zheng et al., 2009). Other work focuses on
technical interoperability standards necessary for data
quality (Bender & Sartipi, 2013). However, a significant
conceptual gap exists in frameworks that explicitly connect
PEOU to PU within a single, continuous organizational
system (Hussain et al., 2025). The understanding that
inserting a certain degree of effort (PEOU) into the system will
result into improved performance and valuable outcomes
(PU). This concept paper addresses this gap or need of seeing
the value of effort around EHR data by integrating TAM
principles directly into a comprehensive data governance
model designed specifically for strategic health services
management, thereby offering a prescriptive path for a
burden-value shift. 1 propose BVSM through four pillars of
data governance model alongside TAM constructs of PEOU
and PU.

Table 2: BVSM = Data Governance Model + TAM

Data Construct Value Created

Governance Applied

Pillar

Data Minimize PEOU Investment in

collection physical and automation and human
mental effort factors reduces mental

and physical effort
Data Cleaning PEOU Creating trust and

processing | (junk) reliability for all users

Verification (of through real time data

source) verification
Integration
(data types)
Data Turn raw data PU Advanced analytics and
analysis into actionable dashboards  provide
insights reliable solutions
Strategic Demonstrate Continuous | Visible outcomes such

feedback the effort of | feedback
data collection | loop (new) | patient outcomes
is worth the

value

as lower costs & better

BVSM therefore provides a structural mechanism necessary
to modify the behavioral perceptions outlined in TAM at an
organizational scale. Success is defined by moving
organizational-level PEOU and PU from critically low to
consistently high. The model introduces four pillars as
follows:
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e First two pillars target PEOU to minimize the
organizational and individual effort required for
data capture and assurance of quality. This reduces
effort and improves people alignment.

e The next two pillars target PU to maximize the
visibility and actionability of the strategic insights
derived from the data. This improves value of
technology and connects it back to people.

The shift relies on changing the human aspect through
behavioral change to reduce individual and organizational
effort as well as changing the technical aspect of the system
where operations are designed to maximize value of data.
These pillars align the value of people and technology to
create a single continuous loop of the different parts feeding
into each other.

This design of the new system demands a commitment to
reciprocity. Since organizations use the patient-provided
data to make decisions that affect those very patients, the
system must be designed to do it the right way. While current
individual rights on data protection are necessary, they are
yet to address collective biopolitical power of aggregated
data (Duncan, 2023). BVSM provides the institutional
mechanism to go a step further and provide tangible value to
patients by ensuring that the data captured is handled in a
manner that serves as a tool to for efficiency of resources and
usefulness for all stakeholders. Therefore, the BVSM embeds
strategic value alignment (SVA) into its core by matching
efforts to goals. This helps managers make better decisions
for the hospital and for patients to improve the whole
healthcare system.
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Figure 1: BVSM creates a continuous and sustained
feedback loop across the organization

Pillar 1;: Data Collection

This pillar improves the efficiency of data entry to save
healthcare workers mental and physical effort. Investing in
tools like RPA for repetitive tasks and cutting down excessive
clicks when designing systems can save more time for
patient-care. Systems that are difficult to use are not just a
cause for frustration, they risk compromising accuracy of the
data. Therefore, ease-of-use becomes an essential
requirement for collecting reliable data.

Pillar 2: Data Processing

The second pillar explores transforming EHR records from a
collection of isolated entries to an integrated system. This
includes cleaning up the data to remove unwanted entries,
aligning it to a single file format and verifying the source. By
committing to modern interoperability standards like HL7
FHIR, data exchange becomes seamless because different
files types and formats for example can be exchanged quickly
and seamlessly (Abramson, 2023). A key challenge for data p
is integrating traditional EHR records with increasingly
newer types of Patient-Generated Health Data (PGHD) from
smartwatches and health apps. It requires advanced
analytical tools like Al to help transform different data types
into a standard format to make it more usable.
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Pillar 3: Data Analysis

This pillar represents the critical point where good data is
converted into usable intelligence. For example, using
custom dashboards, showing not just what happened
through documenting say, the number of patients who
encountered falls in the ward, but finding real time solutions
from the data such as what caused the fall (Abramson, 2023).
Tools like machine learning can be very useful to support
doctors with clinical decisions (Wipfler et al., 2023). However,
use of Al has to be balanced through accountability and
security to mitigate effects of bias in algorithms (Adeyinka et
al., 2023).

Pillar 4: Strategic Feedback

The final pillar addresses a very technical challenge of
ensuring human staff doing the work of data entry from
Pillar 1 actually see the results of their work in Pillar 3. This
is the link that connects the PEOU to the PU. It is the core of
the model that sustains the shift by acting as a bridge, closing
the gap between effort and value. What I call the BV feedback
loop now reinforces the willingness to utilize the system

properly.

Managers must proactively lead frontline staff through
communicating clear goals as well as eventual positive
changes from their input. Examples might include
showcasing how proper documentation reduces waiting
times, thereby validating intrinsic motivation for employees
(Taylor & Todd, 1995). BVSM emphasizes that PEOU is the
necessary, but has to be accompanied by PU to sustain the
process. Think of this this way, if the system is hard to utilize,
users resist it because of the high burden. However, even if
the system is easy to use, but the benefits are hard to
quantify, it becomes pointless and eventually people stop

caring.
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DISCUSSION AND IMPLICATIONS

The conceptual model proposed is highly relevant to health
services management, health informatics and the healthcare
industry at large. It creates a bridge between the
conversation about clinician burnout and data value. It is
well established that data management across EHR is a
burden, therefore the theory goes beyond that to offer a
practical solution. The multi-level framework uses four
pillars of data governance to align value via the BV feedback
loop. Data collection and usage becomes intentional to
reduce the burden. BVSM can aid with policy and practical
managerial interventions in the healthcare system. While
other theories exist in understanding behavioral
relationship between users and technology, they are merely
descriptive. BVSM introduces novelty by offering a
prescriptive path forward. This is a significant theoretical
advancement as it operationalizes the solution. If a system is
difficult to use, redesign it, as opposed to just asking if a
healthcare worker will be able to use a system like in prior
theories.

Theoretical Contribution

Reframing the EHR Debate

The proposed theory seeks to change the conversation
around HSM literature by positioning EHR as a strategic
organizational asset, rather than a box-checking tool for
compliance. By realigning the perception of a cost or burden,
the model alters the perspective around it to a tool that can
be cultivated to properly function across an organizational
ecosystem. It is not enough to make the system merely less
cumbersome to work with by lowering the burden, but more
can be done through leveraging maximum value. It is a
technological investment, but with better human input, it
can transform to a high value asset with returns to all
stakeholders.

Bridging Behavioral and Sociological Theory

This framework directly bridges micro-level behavioral
economics theory of TAM to macro level sociological theories
of biopower and data justice. When the system is easier to use

Public Health Review Journal Vol. 7(1): 701- 710

Summary of BVSM contribution

v' Traditional Models: Focus on two separate
conversations.

e  PEOU: Makes EHR system less clunky for doctors so
they can enter data faster and with fewer clicks. The
focus is on the data collector alone.

e  PU: Ensure the system helps clinicians make better
diagnoses. The focus is on clinical outcomes for the
data collector.

v Gap: There is a disconnect between effort (PEOU) and
value (PU). Creates a burden.

v' BVSM: This bridge introduces a mechanism that forces
these two conversations to merge. It connects PEOU and
PU by insisting that any data collection process (the
burden) must be justified by a clear and direct line to a
managerial or strategic decision (the value).

v' Value: The model essentially introduces a new criterion
for system design and data collection policies. It is no
longer enough for data entry to be easy (high PEOU) or
even clinically helpful (basic PU). The system has to be
strategically valuable by shifting the primary beneficiary
of usefulness to the entire organization's management

structure. It connects the micro action macro outcomes
through the feedback loop.

because of high PEOU (low effort), leading to high PU (high
value) it feeds positively into ecosystem affecting change on
a larger scale. The two concepts combined thus can have
significant impact on ensuring data is utilized fairly to
benefit everyone (data justice), rather than organizations
just accumulating massive amounts (biopower) only to waste
it. The model acknowledges the importance of people and the
need to forester positive relations alongside technological
investments. Employee motivation and building trust are
important to success right alongside investing in automation
for example.

Introducing the Continuous Feedback Loop

BVSM presents a formalized unique contribution known as
the BV feedback loop. It is the continuous process that
sustains the entire system. It is different from the traditional
approaches treating effort to collect data (PEOU) and the
value derived (PU) as two separate conversations. BVSM
merges the two through managers providing the right
communication. For one, asking staff to collect data has to be
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linked to a clear outcome and two, the outcomes of the
process need to be communicated as well to demonstrate the
value. This builds motivation because efforts are not wasted,
but also saves resources if data being collected is for a specific
goal. This creates high acceptance and high commitment of
the system throughout the organization.

Managerial & Practical Implications

Auditing the Burden-Value Gap: managers can use BVSM
to check whether their EHR systems are performing as
expected or merely transmitting the burden. For example, if
adoctor has to insert a patient name in three separate spaces
during one visit, the first pillar of data collection with

efficiency is failing and warrants improvement.

Prioritizing Strategic Investment: the model can help
make better investment decisions. If hospitals have gone to
all that trouble to implement costly hardware and software
and collect all this data, it might as well produce high quality
insights beyond basic descriptive statistics. Custom
dashboards are a good example of applying advanced
analysis.

Protecting Data Quality and Safety: low PEOU may be a risk
indicator for compromised data. Staff using significant effort
to document data may look for workarounds that
compromise data quality.

Encouraging Staff Motivation: manager can play a role to
validate the intrinsic motivation of employees through
communication and feedback as to how the employee effort
is translating into tangible outcomes.

Policy Implications

Changing Regulation: regulatory bodies are focused on
compliance with complete documentation. While useful, it
may unintentionally contribute to the burden. Changing
policy to incorporate aspects of data justice could do more to
improve HER.

Alignment with Patient-Centered Care: By focusing on
creating value, policy can shift to prioritize patient-centered
care by using the strategic insights to directly benefit
patients.
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CONCLUSION

BVSM is a conceptual roadmap asserting that the future
success of digital health systems relies on changing the
perception of EHR from one of burden to an asset. The TAM
principle codified within the data governance framework
exemplifies how to reduce effort while raising the value of
data by reorienting the whole organizational functioning,
from technology to people. The self-sustaining BV feedback
loop is created through communication on top of improving
human experiences with technology. Therefore, the
investment not only mitigates clinician burnout, but drives
macro changes when biopower is fully unlocked.

The novelty of BVSM is that it is management oriented and
prescriptive in nature, because it does not just measure PEOU
and PU, but seeks to apply them as governance pillars.

While this is a robust conceptual framework, it is still a
theoretical construct that will require validation through
application and measurement in a clinical setting. Another
limitation is that the BV feedback loop assumes that upon
implementation, managers will be able to coordinate
activities seamlessly between clinical operations and
executive function. Co-ordination and cooperation between
the two organizational branches is necessary from the
framework to succeed. Therefore, one recommendation for
future research is to implement longitudinal studies that
empirically test the model by measuring changes in patient
outcomes and change in clinician burnout following
adoption of BVSM principles.

Acknowledgments

This is an original concept paper.

Funding

No external funding

Informed consent

None required

Ethics approval

N/A

706



SERN
Provenance and peer review
Double-blind peer reviewed.

Data sharing statement

No additional data are available.

Open access

This is an open-access article distributed under the terms
and conditions of the Creative Commons Attribution license
(http://creativecommons.org/licenses/by/4.0/).

Copyrights

Copyright for this article is retained by the author(s), with
first publication rights granted to the journal.

List of Abbreviations

Al Artificial Intelligence

BVSM: Burden - Value Shift Model
EHR- Electronic Health Records

FHIR: Fast Healthcare Interoperability Resource
HL7: Health Level Seven

HSM: Health Services Management
IT: Information Technology

ML: Machine Learning

NLP: Natural Language Processing
PEOU: Perceived Ease of Use

PGHD: Patient-Generated Health Data
PU: Perceived Usefulness

RPA: Robotic Process Automation
SVA: Strategic Value Alignment

TAM: Technology Acceptance Model

REFERENCES

Abramson, D. (2023, December 11). The Future of Healthcare
Analytics Relies on FHIR Data [ Qrvey. Qrvey.

Public Health Review Journal Vol. 7(1): 701- 710

https://qrvey.com/blog/the-future-of-healthcare-analytics-
relies-on-fthir-data/

Ajami, S., & BagheriTadi, T. (2013). Barriers for Adopting
Electronic Health Records (EHRs) by Physicians. Acta
Informatica Medica, 21(2), 129.
https://doi.org/10.5455/aim.2013.21.129-134

American Hospital Association. (2017). Regulatory Overload
Assessing the Regulatory Burden on Health Systems, Hospitals and
Post-acute Care Providers.

https://www.aha.org/system/files/2018-02/regulatory-

overload-report.pdf

Ashuri, T., & Roanne van Voorst. (2024). Networked
biopower: personalized healthcare in a datafied

world. Information =~ Communication &  Society, 1-18.
https://doi.org/10.1080/1369118x.2024.2442411

Bender, D., & Sartipi, K. (2013). HL7 FHIR: An Agile and
RESTful  approach  to
exchange. Proceedings of the 26th IEEE International Symposium

healthcare information

on Computer-Based Medical Systems, 326-331.
https://doi.org/10.1109/cbms.2013.6627810

Blumenthal, D. (2009). Stimulating the Adoption of Health
Information ~ Technology. New  England  Journal  of

Medicine, 360(15), 1477-1479.
https://doi.org/10.1056/nejmp0901592

Cresswell, K., & Sheikh, A. (2013). Organizational issues in the
implementation and adoption of health information
technology innovations: An interpretative
review. International Journal of Medical Informatics, 82(5), €73~

e86. https://doi.org/10.1016/j.ijmedinf.2012.10.007

Davis, F. D. (1989). Perceived Usefulness, Perceived Ease of
Use, and User Acceptance of Information Technology. MIS
Quarterly, 13(3), 319-319. https://doi.org/10.2307/249008

Duncan, J. (2023). Data protection beyond data rights:
collective
Review, 12(3).

governing  data  production  through

intermediaries. Internet Policy
https://doi.org/10.14763/2023.3.1722

Foucault, M. (1977). Discipline and punish: The birth of the prison.
Pantheon Books.

Foucault, M. (1990). The history of sexuality: An introduction (Vol.
1). Vintage Books.

707


https://doi.org/10.5455/aim.2013.21.129-134
https://www.aha.org/system/files/2018-02/regulatory-overload-report.pdf
https://www.aha.org/system/files/2018-02/regulatory-overload-report.pdf
https://doi.org/10.1080/1369118x.2024.2442411
https://doi.org/10.1109/cbms.2013.6627810
https://doi.org/10.1056/nejmp0901592
https://doi.org/10.1016/j.ijmedinf.2012.10.007
https://doi.org/10.14763/2023.3.1722

SERN

Gesner, E., Dykes, P. C., Zhang, L., & Gazarian, P. (2022).
Documentation Burden in Nursing and Its Role in Clinician
Burnout Syndrome. Applied Clinical Informatics, 13(05), 983-
990. https://doi.org/10.1055/5-0042-1757157

Holden, R. J., & Karsh, B.-T. (2010). The Technology
Acceptance Model: Its past and its future in health

care. Journal of Biomedical Informatics,43(1), 159-172.
https://doi.org/10.1016/1.1b1.2009.07.002

Hussain, A., Zhigiang, M., Li, M., Jameel, A., Kanwel, S.,
Ahmad, S., & Ge, B. (2025). The mediating effects of perceived
usefulness and perceived ease of use on nurses’ intentions to
adopt advanced technology. BMC Nursing, 24(1).
https://doi.org/10.1186/512912-024-02648-8

Joukes, E., Ameen Abu-Hanna, Cornet, R., & Keizer, N. de.
(2018). Time Spent on Dedicated Patient Care and
Documentation Tasks Before and After the Introduction of a
Structured and  Standardized  Electronic  Health

Record. Applied  Clinical ~ Informatics, 09(01),  046-053.
https://doi.org/10.1055/s-0037-1615747

Kaplan, B. (2001). Evaluating informatics applications-some
alternative approaches: theory, social interactionism. Int J
Med Inform, 64(1):39-56.

Kohn, L. T., Corrigan, J. M., & Donaldson, M. S. (2000). To Err
Is Human: Building a Safer Health System. National Academy
Press.

Mejias, U. A., & Couldry, N. (2019). Datafication. Internet Policy
Review, 8(4). https://doi.org/10.14763/2019.4.1428

Melnick, E. R., Sinsky, C. A., & Krumholz, H. M. (2021).
Implementing Measurement Science for Electronic Health
Record Use. JAMA, 325(21), 2149-2149.
https://doi.org/10.1001/jama.2021.5487

Public Health Review Journal Vol. 7(1): 701- 710

Meyer, A. D., & Goes, J. B. (1988). Organizational assimilation
of innovations: A multilevel contextual analysis. Academy of
Management Journal, 31(4), 897-
923. https://doi.org/10.2307/256344

Olakotan, 0., Samuriwo, R., Ismaila, H., & Atiku, S. (2025).
Usability Challenges in Electronic Health Records: Impact on
Documentation Burden and Clinical Workflow: A Scoping

Review. Journal of Evaluation in Clinical Practice,31(4).
https://doi.org/10.1111/jep.70189

Ronen, H. C. (2024). How Can Compliance Be a Strategic
Advantage for Behavioral Health Practices. Ronan Health
Consulting Blog.

Shekelle, P. G., Morton, S. C., & Keeler, E. B. (2006). Costs and

Benefits of Health Information
https://doi.org/10.23970/ahrgepcertal 32

Technology.

Taylor, S., & Todd, P. A. (1995). Assessing the fit between
technology and the structure of organizations: A model of

technology implementation. Information Systems Research,
6(2), 177-194. https://doi.org/10.1287/isre.6.2.144

Venkatesh, V., & Davis, F. D. (2000). A Theoretical Extension
of the Technology Acceptance Model: Four Longitudinal Field

Studies. Management Science, 46(2), 186-204.
https://doi.org/10.1287/mnsc.46.2.186.11926

Wipfler, R. S., et al. (2023). EHR-Integrated Patient-Generated
Health Data and Artificial Intelligence in Clinical Decision
Support: A Narrative Review. International Journal of Medical
Informatics, 173, 105085.

Zheng, K., Padman, R., Johnson, M. P., & Diamond, H. S.
(2009). An Interface-driven Analysis of User Interactions
with an Electronic Health Records System.journal of the
American Medical Informatics Association, 16(2), 228-237.
https://doi.org/10.1197/jamia.m2852

708


https://doi.org/10.1055/s-0042-1757157
https://doi.org/10.1016/j.jbi.2009.07.002
https://doi.org/10.1186/s12912-024-02648-8
https://doi.org/10.1055/s-0037-1615747
https://doi.org/10.14763/2019.4.1428
https://doi.org/10.1001/jama.2021.5487
https://psycnet.apa.org/doi/10.2307/256344
https://doi.org/10.1111/jep.70189
https://doi.org/10.23970/ahrqepcerta132
https://doi.org/10.1287/isre.6.2.144
https://doi.org/10.1287/mnsc.46.2.186.11926
https://doi.org/10.1197/jamia.m2852

SERN Public Health Review Journal Vol. 7(1): 701- 710

APPENDICES

Appendix A: Practical example of the BV Feedback Loop in action

Stage 1- Strategic Inquiry
v’ Management-driven: Instead of asking “what data must we collect?”, management starts with, the question of “What problem are
we solving?”
v' Example: The hospital aims to reduce patient readmission rates for congestive heart failure, which is costly and indicates a care
gap. Their strategic inquiry to start with would be focused on “Why are these patients being readmitted within 30 days?”
Stage 2- Minimum Data Definition
v' Collaborative: Data analysts and clinical leaders translate the strategic question into the absolute minimum data points required to
solve the problem. This is a critical step to prevent waste of collecting everything just in case.
v' Example: Only three specific data points at discharge are required instead of 50-question form: (1) Was a follow-up appointment
scheduled? (2) Does the patient confirm understanding of their medication plan? (3) Is there a designated caregiver at home?
Stage 3- Conscious Workflow Integration
v Clinical-focused: The new, minimal data points are integrated into the EHR workflow with a focus on maximum ease of use. The
goal is to make the collection of valuable data less burdensome than the collection of useless data was before. The why is also
communicated to staff.
v' Example: The EHR prompts the discharging nurse with three simple, mandatory yes/no questions. The nurse knows this isn't just
for compliance; it directly feeds the hospital's readmission strategy. This knowledge alone reduces the perceived burden.
Stage 4- Value Realization & Iteration
v' Management-focused: aggregated data used by leadership to make-decisions, take action and share results with staff.
v' Example: 60% of readmitted patients had no confirmed follow-up appointment. Management implements a new policy to book a

follow-up before the patient discharge. If readmission rates drop, success is communicated to show value.
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Appendix B: BVSM Action Plan

BVSM Pillar

Pillar 1: Data
Collection (Reducing
Effort/Increasing PEOU)

Core Intervention

Automation & Smart
Capture

Public Health Review Journal Vol. 7(1): 701- 710

Specific Action Examples

Ambient listening technology to capture conversations

Workflow Ergonomics

Redesign system to reduce number of clicks

Minimum Data Definition

Absolute minimum data required for strategic goals.

Interoperability Solutions

Two-way data exchange systems such as HL7 FHIR

Pillar 2: Data
Processing (Ensuring

Standardization & Cleaning

Standardized Terminologies (e.g., SNOMED CT, LOINC) & real-time data validation
checks

Quality and

Accessibility) Data Structuring NLP to transform unstructured data (e.g. clinical notes) to structured data points
Security and Governance Establish access protocols with proper authorization

Pillar 3: Data Analysis | Predictive Modeling Machine learning models for forecasting

(Creating

Insights/Increasing PU) | Custom Dashboards Role-specific dashboards for different user groups e.g. managers or CEO
Targeted Alerts Highly specific and low frequency to avoid alert fatigue

Pillar 4: Strategic
Feedback (Closing the
Loop and Sustaining
PU)

Publicizing Success (Closing
the BV Loop)

Routinely share the results of strategic analysis with the frontline staff

Policy Implementation

Data-driven insights to update clinical workflows

Just-in-Time Training

Targeted, brief training modules to specific issues

Leadership Accountability

Senior leadership to explicitly link strategic initiatives to data from the EHR
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